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Abstract: 
Surgery is a common entry point for prolonged opioid use, yet predicting which patients will 
transition from acute to persistent use remains an open problem. The outcomes are longitudinal 
and policy-shaped. Missingness can be informative. Clinician behavior acts as both a 
confounder and an intervention target, and standard prediction frameworks can be 
suboptimal. 
In this seminar, I'll present a research program developed around perioperative opioid risk in the 
Veterans Health Administration. Rather than showcasing a single model, I'll focus on the design 
choices that shaped our approach: why we treated interpretability as a first-order constraint, 
how deployment pressure forced us to rethink modeling decisions, and where clinician 
feedback surfaced assumptions that benchmarks alone never would. I'll close with open 
methodological questions around longitudinal harm modeling, actionability as an objective, 
and clinician decision-making as an endogenous variable, where collaboration between 
biomedical data science and clinical informatics could open new ground. 
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